Language Models as an Alternative
Evaluator of Word Order Hypotheses:
A Case Study in Japanese
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lead to more processing effort. For instance, in psycholinguistics it is common to take reading times as | "‘
a measure of word processing difficulty and the positive correlation between reading time and surprisal Rt
has firmly been established (Hale, 2001; Levy, 2008; Mitchell and Keller, 2010; Monsalve et al., 2012; (Smith and Levy, 2013]
Smith and Levy, 2013; [Hahn and Keller, 2016) with Goodkind and Bicknell (2018) recently showing
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