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| believe that city provides more work
opportunities than coutryside. There are not
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| believe that city
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o= 42
mﬁﬁlg _'—.—*ﬁ (high-order non-projective dependency parsing)

o FHRDEBHW (BEREDER) 2ZET 5

- second-order non-projective maximum spanning tree decoding
( N P%) % i&.ﬂ;{ [McDonald&Pereira, 2006],[Carreras, 2007]...

- pa rsi ng h isto ry% %Jj%\ [Yamada&Matsumoto, 2003] [transition-based parsing®fi%] [pointer network3&]...

- Za—JIETIICERDFEHEZEZRT DB ZERICTIBIN peiv, 2015] Leer, 2018)...
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o= 42
mﬁﬁlg _'—.—*ﬁ (high-order non-projective dependency parsing)

o FHRDEBHW (BEREDER) 2ZET 5

- second-order non-projective maximum spanning tree decoding
(N P%) % i&.{u [McDonald&Pereira, 2006],[Carreras, 2007]...

decoding algorithm® X

pa rsi ng h isto ry% %Jj%\ [Yamada&Matsumoto, 2003] [transition-based parsing®fi%] [pointer network3&]...

- Za—JI)IVETINICERDEE ZER T D148 2 BRICIENN peir, 2015 (Leet, 2018]...
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BT ER 7 122 CTEBEDY T B (Wang&Chang, 2016]
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o= 42
mﬁﬁlg _'—.—*ﬁ (high-order non-projective dependency parsing)

o FHRDEBHW (BEREDER) 2ZET 5

- second-order non-projective maximum spanning tree decoding
( N P%) % i&.ﬂ;{ [McDonald&Pereira, 2006],[Carreras, 2007]...

decoding algorithm® X
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BT ER 7 122 CTEBEDY T B (Wang&Chang, 2016]
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In addition,
| believe that city There are not only Of course living .
provides more more jobs, but they in a city is more but incomes
work opportunities are also well-paid. expensive, are higher too.
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“In addition , | believe that city provides
BiLSTM [ : more work opportunity .” X7 ~JL
BHEEL N)L DX ARz BRI ICE D A D
hi e o o hj
HEERIA

<BOS> In addition, | believe that city provides more work opportunity . <€eOS> -

ZINVRBOFAEDOR, R/ VIHORIREFRHITDZT I Y
IFIREDH XY VT — R [Toshniwal+2020]
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BEOF7/T—3 0P
HEXER

| believe that ci

There are not on
more jobs, but they
are also well-paid.

Of course livihg
in a city is more
expensive,

provides more
work opportunities
than coutryside.

but incomes
are higher too.

| believe

but
that N/A Of course
city provides more There are not only living in a city incomes are
work opportunities more jobs, but they is more higher too
than coutryside. are also well-paid. expensive, 9 '
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provides more
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than coutryside.

Of course livilhg
in a city is more
expensive,

There are not o
more jobs, but they
are also well-paid.

but incomes
are higher too.
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S A NS
| believe ﬁﬁgﬂﬁf/)\/}wn
ror N/A Of course but (ZE oY)
city provides more There are not only living in a city . NG =
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L BRRIBE AN AIEE
R IEREONEBNEE EREDOE) LmEKFEOANRZ XA
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EHRRREDMN
In addition , | believe that N/A Of course but
EDRN
city provides more work oppertunity There are... Living in city is...
BiLSTM
BRI

<BOS> In addition , I believe that city provides more work opportunity . <EOS> Th
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| | | |

EHRRREOMN \

In addition , | believe that N/A Of course but
WmED RN
city provides more work oppertunity There are... Living in city is...

BiLSTM

BEERIE

<BOS> In addition, | believe that city provides more work opportunity . <EOS> Th
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head selection module
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head selection module
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* CHBEICBWEE

HELL BRI (mevory | RS 1 773l macrer) | EERLS 1 (e

O 82.2 78.5 89.4
XLNET x 80.6 77.8 89.1
O 80.9 79.4 88.4
Persuasive ROBERTa X 81.6 77.9 89.1
Essa O 80.9 78.0 86.4
Y BERT
Corpus = 80.4 74.9 86.6
[Stab&Gurevych, O 80.7 79.0 85.7
2017] ELMo
X 80.3 78.2 86.9
O 78.8 76.5 83.9
GloVe
X 77.7 75.0 83.7
O 75.8 73.7 88.3
XLNET
X 73.6 69.3 85.2
O 74.0 71.6 85.9
RoBERTa
Arg- x 71.8 66.4 80.9
microtext T O 73.0 711 84.0
corpus x 69.9 64.2 77.9
[Peldszus&Stede,
2016] O 73.9 77.2 83.4
ELMo %
73.2 71.3 80.5
O 72.6 75.4 81.5
GloVe x

70.4 64.1 76.9
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attack attack

£HE

of course

CSFRES fcLcZSWS FDREE> T IhH
(S AN & 8
j e FEmh\p3E35FE  :Bunkih

d—JCR B4 ER18 6D A X7l BERFHI
BE (acc.)

O 71.6
XLNET
X 67.8
O 69.9
RoBERTa
. x 67.2
Persuasive 0O 68.8 next sentence predictionC, BEIC
]?Sijgg(ifef};;s BERT - con L BENBEENSGNSTASTNE??
2017] '
] O 71.0
ELMo
x 68.9
O 63.9
GloVe
X 59.0
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o EMRFLMEZRXAL, ERONETXEEARDiINZRZSZ
EDEMEZERLIC

e BERTWXLNETHREDEHBREBETILNSESNICEERIEZH
W/EIEETH, BERYIRIANDERKFFICR/INRIBZKEIESZ
EEER

o RAHBLBXEDREBHG/INGY —VZIEZICW it
L BEmRIBEIOGEBEITEILL 2 TR THh N TULS & WD T B [Optiz&Frank, 2019]
C(EDRWEBREICOWTHES2HIC) ETIILOMHINEBERE N %M - 219 27

T HVTE T T E T U D [Betz+,2020][Yu+2019] 2019EICEABIEE A CR LIRS
2021/3/20 POTWTHRIDROLTLES



References

Lawrence, J. and Reed, C. (2019). "Argument Mining: A Survey.” Computational Linguistics, 45, pp. 765-818

Wachsmuth, H., Naderi, N., Hou, Y., Bilu, Y., Prabhakaran, V., Thijmm, T. A., Hirst, G., and Stein, B. (2017). “Computational Argumentation
Quality Assessment in Natural Language.”Proceedings of the EACL2017, pp. 176-187.

Gretz, S., Friedman, R., Cohen-Karlik, E., Toledo, A., Lahav, D., Aharonov, R., & Slonim, N. (2020). A Large-Scale Dataset for Argument
Quality Ranking: Construction and Analysis. Proceedings of the AAAl Conference on Artificial Intelligence, 34(05), 7805-7813.

Reisert, P., Heinzerling, B., Inoue, N., Kiyono, S., & Inui, K. (2019). Riposte! A Large Corpus of Counter-Arguments. arXiv e-prints, arXiv-1910.

Reimers, N., Gurevych, |., Reimers, N., Gurevych, ., Thakur, N., Reimers, N., Daxenberger, J. and Gurevych, I., 2019. Sentence-BERT:
Sentence Embeddings using Siamese BERT-Networks. In Proceedings of the EMNLP2019.

Reimers, N., Schiller, B., Beck, T., Daxenberger, J., Stab, C., & Gurevych, I. (2019, July). Classification and Clustering of Arguments with
Contextualized Word Embeddings. In Proceedings of the 57th Annual Meeting of the Association for Computational Linguistics (pp. 567-

578).

Daxenberger, J., Schiller, B., Stahlhut, C. et al. ArgumenText: Argument Classification and Clustering in a Generalized Search
Scenario. Datenbank Spektrum 20, 115-121 (2020). https://doi.org/10.1007/s13222-020-00347-7

Nguyen, H. and Litman, D. (2018). "Argument Mining for Improving the Automated Scoring of Persuasive Essays.”, AAAI 2018, pp. 5892-
5899

Stab, C. and Gurevych, I. (2016). “Recognizing Insufficiently Supported Arguments in Argumentative Essay.” Proceedings of the Argmining

2016, pp. 113-118
BmaE 22021

2021/3/20

[l
ol



References

Carlile, W., Gurrapadi, N., Ke, Z., & Ng, V. (2018, July). Give me more feedback: Annotating argument persuasiveness and related attributes
in student essays. In Proceedings of the 56th Annual Meeting of the Association for Computational Linguistics (Volume 1: Long Papers) (pp.
621-631).

Egawa, R., Morio, G., & Fujita, K. (2019, July). Annotating and analyzing semantic role of elementary units and relations in online persuasive

arguments. In Proceedings of the 57th Annual Meeting of the Association for Computational Linguistics: Student Research Workshop (pp.
422-428).

Niculae, V., Park, J., & Cardie, C. (2017, July). Argument Mining with Structured SVMs and RNNs. In Proceedings of the 55th Annual Meeting
of the Association for Computational Linguistics (Volume 1: Long Papers) (pp. 985-995).

KURIBAYASHI, T., REISERT, P., INOUE, N., & INUI, K. (2017). Examining Macro-level Argumentative Structure Features for Argumentative
Relation Identification (EBBMEE A 2 27— 3 V)(FE 4 BBERSEBLIEY VIRY T L), EFIEHREEFERBENHA K= IEICE technical
report: 1EF#E# 117(367), 37-42.

McDonald, R., & Pereira, F. (2006, April). Online learning of approximate dependency parsing algorithms. In 77th Conference of the

European Chapter of the Association for Computational Linguistics.

Carreras, X. (2007, June). Experiments with a higher-order projective dependency parser. In Proceedings of the 2007 joint conference on

empirical methods in natural language processing and computational natural language learning (emnlp-conll) (pp. 957-961).

Yamada, H., & Matsumoto, Y. (2003, April). Statistical dependency analysis with support vector machines. In Proceedings of the eighth

international conference on parsing technologies (pp. 195-206).

2021/3/20




References

Pei, W., Ge, T., & Chang, B. (2015, July). An effective neural network model for graph-based dependency parsing. In Proceedings of the
53rd Annual Meeting of the Association for Computational Linguistics and the 7th International Joint Conference on Natural Language

Processing (Volume 1: Long Papers) (pp. 313-322).

Lee, K., He, L., & Zettlemoyer, L. (2018, June). Higher-Order Coreference Resolution with Coarse-to-Fine Inference. In Proceedings of the

2018 Conference of the North American Chapter of the Association for Computational Linguistics: Human Language Technologies, Volume
2 (Short Papers) (pp. 687-692).

Wang, W., & Chang, B. (2016, August). Graph-based dependency parsing with bidirectional LSTM. In Proceedings of the 54th Annual
Meeting of the Association for Computational Linguistics (Volume 1: Long Papers) (pp. 2306-2315).

Peters, M., Neumann, M., lyyer, M., Gardner, M., Clark, C., Lee, K., & Zettlemoyer, L. (2018, June). Deep Contextualized Word
Representations. In Proceedings of the 2018 Conference of the North American Chapter of the Association for Computational Linguistics:
Human Language Technologies, Volume 1 (Long Papers) (pp. 2227-2237).

Fonseca, E., & Martins, A. F. (2020, July). Revisiting higher-order dependency parsers. In Proceedings of the 58th Annual Meeting of the
Association for Computational Linguistics (pp. 8795-8800).

Toshniwal, S., Shi, H., Shi, B., Gao, L., Livescu, K., & Gimpel, K. (2020, July). A Cross-Task Analysis of Text Span Representations.
In Proceedings of the 5th Workshop on Representation Learning for NLP (pp. 166-176).

HALLIDAY, M. (1976). Cohesion in English. Longman.

Halliday, M., Matthiessen, C. M., & Matthiessen, C. (2014). An introduction to functional grammar. Routledge.

[l
E""

BB 22021



References

Opitz, J., & Frank, A. (2019, August). Dissecting Content and Context in Argumentative Relation Analysis. In Proceedings of the 6th
Workshop on Argument Mining (pp. 25-34).

Betz, G. (2020). Critical Thinking for Language Models. arXiv preprint arXiv:2009.07185.

Yu, W., Jiang, Z., Dong, Y., & Feng, J. (2019, September). ReClor: A Reading Comprehension Dataset Requiring Logical Reasoning.

In International Conference on Learning Representations.

2021/3/20 ZANIR

ik
oy

[l
E""



